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Abstract: In the information extraction process, joint entity relationship extraction plays a key role, which integrates two core sub tasks:
named entity recognition and relationship extraction. The current joint extraction methods still suffer from feature misclassification and insuffi-
cient interaction between subtasks. Therefore, a joint entity relationship extraction network SJERE based on shared features is proposed. This
network adopts a parallel encoding method to obtain named entity feature representations and relationship feature representations , effectively
avoiding feature overlap and feature misclassification problems. To achieve bidirectional information exchange between two subtasks, the
SJERE network constructed a shared feature module. This module allows the model to assist in relationship prediction through entity informa-
tion, thereby promoting and enhancing the two sub tasks of entity recognition and relationship extraction. Compared with existing joint models
on three benchmark datasets, NYT, WebNLG, and SciERC, the SJERE network exhibits certain performance advantages.
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Table 2 Performance comparison of various models on NYT and
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Table 3 Performance comparison of various models on the SciERC

dataset
£3 KB SHERC HiEE FHMBE LR (%)
Hom SciERC
P R F1

SpERT 40.5 36.8 38.6

SPE - - 34.6

PFN 40.6 36.5 384
UNIRE 37.3 36.6 36.9
SJERE 41.7 37.2 394

In this paper, we explore geometric structures of 3D lines in ray space for improving light field triangulation and stereo matching.
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Fig. 2 Visualized comparison
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Table 4 Ablation experiment result on the SciERC dataset
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Table 5 The impact of shared feature module layers on model perfor-

mance
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